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Abstract

This article investigates a convolutional neural network-based algorithm for colorizing
black and white images. Previous approaches either relied on user interaction or
resulted in unsaturated colorization. Instead, the authors propose a fully automated
method that produces vibrant and realistic colors. They treat the potential uncertainty
of the problem as a classification task and use a "simulated annealing algorithm" based
classification rebalancing during training to increase the diversity of colors in the results.
They evaluated their algorithm using a "coloring Turing test", asking human
participants to choose between the generated color image and the real color image, and
their method successfully fooled humans in 32% of trials, significantly higher than
previous methods.

Keywords: Black and white images; coloring; convolutional neural network; simulated

annealing algorithm
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